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« This project is part of Genes by Environment: Results
Modeling, Mechanisms, and Mapping (GEM3) ‘ e iR * The multivariate logistic regression model (figure 5) had significant values for 8 of the environmental variables (stream order,
study, NSF Idaho EPSCoR project OIA-1757324. kA e pow  mew  tow landcover, canopy cover, human footprint index, water vapor pressure, NDVI, precipitation, and stream slope). This model produced
= I an area under the curve (AUC) value of 0.651 (figure 6a). An error matrix was created to illustrate type | and Il errors (figure 6b) with
Questions a true positive rate of 0.694 and a true negative rate of 0.489. Overall accuracy of the non-spatial model was 0.636. Few of the
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of salmonids? Presence and absence points no longer fell within the 0-10% and 90-100% probabilities (figure 8c) but stream kilometers (figure 8d)
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Approach , points (figure 10c) shows decreases falling within the 40-50% probabilities and an expansion to the extreme ends of the

It has an area of 178,060 km?. nrobabilities. The stream kilometers (figure 10d) show a similar pattern as the Null model but with an expansion of the stream
Kllometers that fall within the 0-10% probabillities.
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Summary

Spatial autocorrelation of sampling locations is an important aspect of modeling species distributions. These models
llustrate that modeling stream species may benefit from including spatial autocorrelation with environmental variables
allowing conservationists and managers to prepare for future climate scenarios and assess current populations. It can
also give managers valuable information when attempting to sample a large species distribution range when
identifying the persistence of species. This technique can be used as a supplement to field sampling to create cost
effective management of stream species.
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